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- By Train By Test 10-Fold Cross
Classifiers Dataset Dataset Validation
NBN 78.4% 67.1% 75.5%
BAN 81.9% 70.0% 78.8%
GBN 81.4% 72.9% 79.2%
NBNSF 79.9% 74.3% 78.4%
BANSF 82.4% 71.4% 79.6%
GBNSF 79.4% 65.7% 75.9%

OIHIMA R2l= €3 &4 012 NBN, BAN, GBN2
285 45 HE0W Markov blanketlio] 571 SRE=2 €
FTUEE HEL8 £ HO{ X NBNSF, BANSF, GBNSF &
2 ERMS0 AT S4HED. S &4 0/FS NBN
It BANOI HIGH 22 ST =4 01F 2 NBNSFQH BANSF
2] 28 40| 2% BJHASES 2 £+ UL E3E =
48 BANSFII Ct8 2 EBIEM blal & =2 4
sSHEE B0 01242 B2 =59 Markov blanket
2 5Z HEE2 HA08= 200/ A220F GIOIEL EE O
e &3t S AUSES 20FE= 2010 &KL €
OISt GBN2 Z=et E30| E4AE GBNSFOIA 25124
TH 4501 AE LAORULE AlAS YA 2 AT
Olci8t A2 GBNY B3R 28 SdA2 952 X
@2 U2 WE0 Clin0ll CHol 28R SIBEHE 2= EF
E2 HHAD e BEO S F0 UUS AT &
F UHHE22H U SFIECZ FS#S 0IY J 2R
2 HEGCE HOHEZHCOD €90 =04,

596



20044 = $FH H A3 3§ gt E=FF Vol. 31, No. 1

ENBN BEaN OGEN

[D&2] s3a4 450 B0 (29:%)

5. SAR4AE SB =Y B3

A2 ZD T R IOIXN ME SY OMZF X0t
Yool Ol STFS 248 W NBNI NBNSFY Z
mgS ZA LEHRDH Ol Aol atgs 0| 1
&2 NBNSF2l R80HAE NBNRYUHAL 45 Has
JICHGE2I0t ofglt, MeXE20! @2 Lol diolxet
BoHME S =L &5 ZFM0W IS TN U
g X ZolXe, ds50A= g2 Hde B0

= X

» Middle M-High High
MClin=Yes WNo
[O&3] DIHER X9 A0 B4

ICT=Null Low H-High

[D22/3]2 NBND NBNSFOIM St st&ZUE o
& LS € 20FD AL SIS HL2E 59
Zt VBN SUs 2B A2 A2 #5Z WS
450l FUSS LA=F10 UTH

*
A
Y

WCin=Yes MNo
[Q&4] BANOIM S&0 g 54

BANOIASl A& ZDE &H2Y [D4J0A U
B =D US0l S4D Yoo FHEES UEHHE 8

X5 =

52 ZDOIA ZS&0l H(Tubal, &0l HL It

SIEHOl SUCH 01HE AT MA+TE Sot0
BEXEEZRE 0188 OlAUYES ASSHE 0 012

T, BYHEXE JIE AEZEL0 = LY A2ZE E
oIt EZTE =AE BANSFY H20& HIxs ZWE
2E £+ UMULH

6. 2

2 HIlAME o482 St B
of S8 F= STE A2 45 ATgE S4H
3, £ NBN, BAN, GBN & HIX20] THE hst
8ol oKty B2RIIES EREEE A2 HR
UACH 02110 0l Z& A2 -SH U= 20

HFHOZ JEE 0= SYEEZE &4, %2 gy,

42 Uol, O/h =& YR =, Wallace AIBH=
E 5M2 STEE Jidd = UYL, 0 SHFE 29

0>

t8 QEHT O £ QUJACH ABE S A2 O
FE HoIXY 2RIE FHA SIE 209 &
FHE O XNHEN ZHE £ U= BAND GBNEOI
Xl 23 NBNOI HIdH A0SR ( 52 =28 8=
2HECE N8 &lotALE

3 2 HRNAME StLte HoiXeSoia SaA &
€ 9| Markov blanketlll &5 SAEE EA5= 201 H
OlXICtY ERIEY A58 0 & £ U=XNE Lot
EI E MBS HMERD 018 Soi NBNI BANZ
B2 HASHH0l RN LIEIEE =I5 GBNY
BARE= EXE A8 850 25|12 A2 MoHAI3BIE
ZUE 2O FUCH 0l= AT AEBANT HH 488
H 982 30 UASS BOHE ZU2 sided.

-

w e

o (J & v

g 0F 8

[1] Cheng, J., Bell, A. and Liu, W., “Learning Belif Neiworks
from Data: An Information Theory Based Approach”,
Proceedings of ACM CIKM-97, 1997

[2] Cheng, J., Belt and A, Liu, W., “An Algorithrn for
Bayesian Belief Network Construction from Data”,
Proceedings of Al & STAT-97, pp.83-90, Florida, 1997

{3] Jung, Yong Gyu and Kim, In-Cheol, “Learning Bayesian
Network for Medical Data Analysis”, Proceedings of 2nd
ICIS-02, pp.307-312, 2002

(4] Mitchen, T, Machine Learing, McGraw-Hill, 1997

(5] Pazzani, M. J., “Searching for Dependencies in Bavesian
Classifiers”, Proceedings of Al & STAT-95, 1995

597



