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Abstract

Cluster analysis has been widely used in many applications, such that pattern
analysis or recognition, data analysis, image processing, market research on
on-line or off-line and so on. Clustering can identify dense and sparse regions
among data attributes or object attributes. But it requires many hours to get
clusters that we want, because of clustering is more primitive, explorative and we
make many data an object of cluster analysis. In this paper we propose a new
method of clustering using sample based on grid. It is more fast than any
traditional clustering method and maintains its accuracy. It reduces running time
by using grid-based sample. And other clustering applications can be more
effective by using this methods with its original methods.
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FAHQ Do ERdte d 2ole VYo ofF HUF ¥ HoHE dide
2 31 gom IS AF BB FZ, 23 dojHEY RE So B3 o2y
NAE FAT =g F32HFEL Tryon(1939)9] & A& £7/€ o|FZ Jardine
3} Sibson(1971), Anderberg(1973), Tryon3} Bailey(1973), Hartigan(1975), Jain¥}
Dubes 5(1983)¢ll <) dwtzQl S 28 71He FHE Z2EFA HU.

71€9 E32Hy WYL ¢ndFdz AFFHA ¥y, B8 w9y, 9 7w
o Wy, 1= 7hke Wy, 2d vt By 508 Yo, E =FdAdE A
239 FH2gge 7N D= 7o o 25 FTEE 0|8 F2H
3 1P S AQtstaA ot

AZHQ 2263y BPe 0L 4o dolg AASE 21§ s, 2 A%
g #38% Ed g2 s Yries BHgoe2 Kaufman¥ Rousseeuw(1990),
Zhang 5(1996), Guha $(1998, 1999), Karypis 5(1999)% Z<& ¥ AFAE4 9
# d77F JPHo gt Kaufman? Rousseeuws 2] 749 745 TE Zel2HE
g A9 A7 g s Foluske W9 AGNES(AGglomerative NESting) <}
stitel  E2EHERH  AFEA ¥sxd 4F9 A7y 28 JYobe
DIANA(Dlvisive ANAlysis)& #1¢+3t$lth. Zhang < BIRCH(Balanced Iterative
Reducing and Clustering Using Hierarchies)E A<, o8 7I€EE A &3} 79
CF E(Clustering Feature tree)& ©l-43 A% ZA2HAE P89 Guha
T2 oA wiztslx] dowMLE wtdgigt dolElo] F8&3<¢ CURE(Clustering
Using REpresentative)Z A|<¢3t9 2, Karypis 52 A2 OE F FH2EHTY Yy
A #AAE st toluy A3 S €83 Chameleon(A Hierarchical Clustering
Algorithm Using Dynamic Modeling)< #A<tst4 . Z18]31 Guha 52 diojg 744
o ¥ Y &4 diaiA 22 2EHHE 7HseA ¥ ROCK(RObust Clustering using
linKs)S #¢tatich
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294 & Rl Urte ofF dAFoly g FAVIHoT. o3 4F of
ol 28262 doly vlo]de & JYPEd vl EA £ oj$ HdoA

the wel Qom, ot Z AA dY Ropld ZHHYL T Hgslds
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Fo 2 AT ANE JEH AFHY FA2HY APe wlaste] $95E9
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(B HBAMD)Y AEE A8 E 7|1£3 57 et 8% o8 AEE 24
o= A (EE v S AR 848y ATt 77t dAES 59 A
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wde oy 77 ey A AFH 23 THS uAEFE 8 PHeRE
UirolAth A% A3 WidEe Jd JZ2U(Single Linkage Method), 33 44
H(Complete Linkage Method), ¥ J7Z%(Average Linkage Method), T4 924
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d(U, V)=min[d(x, Vxe U, ye V] (2.2)
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£ 230 U VALY Al dy, & 24 290 &3t 999 F AAS Aol
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g wdoz WA ASYol A ol F 1S s AEYL o8 2
HY Jue Adstna s,
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Agdte] ol AMSL adE Aoz EHET 1= Ao Wow wWes
2 A Ao ZolEW 1wF Ao BEHAT AL YA Rolx, L=
Aol FobdW AL FHo| SoluH AL SoluAT FREE e 4 I A
olth. wetd, AT Yu] £E9| HAR UYL Folok ¥ oW, ok & 17
7S % 4R e BAZ ARG B =EAA AXSE FudE
o 28= AL GI(Grid Interva)@ s @ W GIE= thg3} 2o AHaut.
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= A

2 Aol A Aot
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AEHnE 71E WY BN e Y ARE A £ dFA AAsE
age Zigte] E228dY 3 dAs oS3 Zr
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2 BN e 420N 78S ¢neFE o 53 A 2 FFEE v B
st oA R AHP S AP B AP FARAEL 0 g

CPU : Intel Pentium4-1.8GHz Northwood

RAM : 512MB

O/S : Microsoft Windows XP Professional
Language : JAVA J2SDK 140 =

Database : MySQL 3.2351 (External Linux Server)

A AA A9L 1¥4QY 2289 @F 2= 1 FI2EHP D) +3 AL
< "] A3t HolHe 54 X ARst XA FEE HolHE dY L
YANA 17 EXHAEE & F AYE AT dHolHE 0.00%E 100000 74X 9
&& 7He ¥ ¥FE ogdded Ad: ggy 2

ol

<E 1> dlo|H 9 id £ Az v

(9 &)
Holg + (a) (b)
100 2.26 0.90
200 22.90 5.49
300 62.27 19.48
400 124.74 42.15
500 249.89 68.76
600 417.01 120.62
700 603.06 192.24
800 1043.69 235.81
900 1275.71 308.58
1000 1878.88 467.00
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YetWE <29 2>3 2
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b. 4&
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