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K-means Clustering using a Grid-based Representatives

Hee Chang Park', Sun Myung Leé

Abstract

K-means clustering has been widely used in many applications, such that pattern
analysis, data analysis,, market research and so on. It can identify dense and sparse regions
among data attributes or object attributes. But k-means algorithm requires many hours to
get k clusters, because it is more primitive and explorative. In this paper we propose a
new method of k-means clustering using the grid-based representative value(arithmetic and
trimmed mean) for sample. It is more fast than any traditional clustering method and

maintains its accuracy.
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clustering()
{
int k, n, p;
float Data;
Data = InsertData(),
GridInterval= M—'ZM ;
n?
while(Grid_X)
{
while(Grid_Y)
{
while(i <= n)
{
if((GridX_min < x[i} <= GridX_max) &&
(GridY_min < y[i] <= GridY_max))
{
DataGrid[i] = GridNo;

while(G_No <= DataGrid)

{
v=0,
G_Mean[G No] = 3} 'x, / Gy

G_No++,
]

k_means();

while(Grid)
{
Nearst = 0;
while(remainData)
{
Dist = (GridCenter — Data) ®
if(Dist < Nearst)
{
Nearst = Dist;
DataGird[i}] = G_No;
)
}
}
}
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CPU : Intel Pentium4-1.8GHz Northwood

RAM : 512MB

O/S : Microsoft Windows XP Professional
Language : JAVA J2SDK 1.4.0

Database : MySQL 3.23.51 (External Linux Server)
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