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Abstract

Decision tree algorithms are used extensively for data mining in many domains such
as retail target marketing, fraud dection, data reduction and variable screening, interaction
effect identification, category merging and discretizing continuous variable, etc.
CHAID(Chi-square Automatic Interaction Detector), is an exploratory method used to study
the relationship between a dependent variable and a series of predictor variables. CHAID
modeling selects a set of predictors and their interactions that optimally predict the
dependent measure. In this paper we explore CHAID algorithm in view of accuracy and
speed by sampling proportion.
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screening), nl 528339 T ol(interaction effect identification), *B32] ™ ¢H(category merging) £
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BAUF7IYHE F i (exploration) T}t 2 sHmodeling)eh= F kA £4& EF JHAZ dda ¥
T AUt
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<cfquery name="serch” DataSource="#DB#">
Select #Prediction_var#
From #DataBase#
order by RAND() Limit #random#
<fcfquery>
<cfloop query = “serch”>
<cfif #Prediction_var# neq null or O or #Prediction_numi#>
<cfinclude template = "reject_data.cfm”>
</cfif>
</cfloop>
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<cfinclude template = “delete_partition.cfm”>
<cfloop index = i from = 1 to = #ArrayLen(prediction_var)#>
<cfset partition = ArrayNew(3)>
<cfloop query=f#size#>
<cfloop index = j from = 1 to = #target_size#>
<cfinclude template = “create_partition.cfm”>
</cfloop>
</cfloop>
2
<cfset chi_value = Zirﬁ%uﬁ)——>
u
<cfset df = 2 * (#size.RecordCount#-1)>
<cfif #chi_value# gt #Evaluate("chi_statistic[#df#]")#>
<cfinclude template = “insert_Qvalue.cfm”>
</cfif>
</cfloop>
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AolAF BAF DBAA EAZe] Hg 2 AZUSTH W WL AdYT. o

Fol 7 43 SEUGY WRE ST PRYES BEL, 4948 AT} 1Y 39 Ao fo
g0 Fojd YARET 27, oF F 4L st WF2 WHHE BHL VY. of

@ ¥aFe e ok

<cfquery name = "tree” DataSource="#DB#">
select node
from #partition#
order by s_value desc
<fcfquery>
<cfloop query = “tree”>
<cfinclude template = “sub_partition.cfm">
</cfloop>
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<cfloop index = "“n” from = 1 to = #sub_size#>

<cfset partition_sub = ArrayNew(2)>

<cfset category = ArrayNew(1)>

<cfinclude template = “create_node.cfm">

<cfinclude template = “sub_partition.cfm”>

<cfloop query=#size#>
<cfloop index = j from = 1 to = #target_size#>

<cfinclude template = “create_sub_partition.cfm">

</cfloop>

</cfloop>

<cfset chi_value = ZM
U
<cfset df = 2 * (#size.RecordCount#-1)>
<cfinclude template = “Annexation.cfm”>
</cfloop>

>

<cfif #chi_value# gt #Evaluate("chi_statistic[#df#]")#>
<cfset index_2 = #index_l#-1>
<cfloop index = "in" from = 1 to = #index_2#>
<cfif #q_value_sub[1][in]# eq #ArrayMax(q_value_sub{1])#>
<cfset array_list = "#q_value_sub[2][in}#">
</cfif>
</cfloop>
<cfset category = ArrayNew(1)>
<cfset new_category = ArrayNew(l)>
<cfloop index = "id” from = 1 to = #listLen(array_list,’/")#>
<cfset category[id] = #listGetAt(array_list,id,”/"}#>
<cfset new_category[id] = #listGetAt(array_list,id,"/ }#>
</cfloop>
<cfelse>
<cfbreak>
</cfif>
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CPU : Intel Pentiumd4-1.8GHz Northwood
RAM : 256MB

O/S : Linux 7.1

Language : coldfusion 5.0

Database : mysql 3.23.51
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