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public class CBRSearch {

public void init() {

// DBl A€ g8 do] g Vector2 A
// makeDatalnit();

// 7vE X 283 makeDatalnit()
makeDatalnit(weightvalue);

/&R kel Aol g AL gds 3+
getMaxMinInstance();

[ EX el A, A2 Be Mz A4
minlnstanceVec = getVectorInstance(minInstanceArr);
maxInstanceVec E
getVectorInstance(maxInstanceArr);

/At 3

composeNormalize();

AL, Ao gl A Adst 59

minmaxInstanceNormalize();

[ #EAE Axds 7Y
euclideDistanceVec = calcEuclideDistance();

/O RE A DA Hd AgE +F

double LONG_DISTANCE =
calcEuclideDistance(minNormalizedVec

maxNormalizedVec);

[ #BEE dadag 3EY
sortedDistance =
calcSortedDistance(euclideDistanceVec);

/ Ad AR GE AR S {FAIRE AL
similarity =
calcSimilarity (sortedDistance, LONG_DISTANCE);

/a9y 2R Uil A8 AdE 24 23

scaledDistance = calcScaledDistance(sortedDistance
LONG_DISTANCE);

// 7¥A18)

repaint();
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