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Number Category Item Total data Correct data | Precision (%)

1 Comp.graphics 12310 10587 86
2 comp.os.ms-windows 321 295 92
3 |Comp.sys.mac.hardware| 840 748 89
4 Misc.forsale 23100 21714 94
5 rec.autos 17180 14431 84
6 Res.sport.baseball 16210 15075 93
7 sci.¢lectronics 9820 8936 9N
8 sci.space 240 199 83
9 talk politics.gus 24310 20664 85
10 Spam 11210 9977 89

Average 38.6

5.88
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