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Hierarchic grouping

Shortest | Longest Average
Type 1) 8.063 6.012 5.673
Type 2) 9.700 8.042 5.854
Type 3) 2.495 2.620 2.577

Table 1 Performance of grouping techniques for set of space data

®

Hierarchic grouping

Shortest Longest Average
Australian 1.538 1.334 1.537
Diabetes 0.604 0.637 0.605
Heart 1.675 1.653 1.376
Iris 0.854 0.892 0.915
Soybean 3.092 3.092 3.092
Wine 0.987 0.712 0.985
Zoo 1.356 1.372 1.303

Table 2 Performance of grouping techniques for set of UCI data (Q)
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