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Abstract o iR=st vlgart 2HE A 409de] A A
AZt-AFE AE H o]l 2(Human~Computer Interface)sl
In this study, our primary goal is to classify the 3t dAde FIBEg ole2E "oy ggd W
EMGdlelectromyographic)  signals including the 2 ARHIT AT dEHA YHEFY FR=s) mhg
specific patterns related to hand motions in an arm. £, aga :{1}9_]4@-2]% 71R= g opes 2R
To do this, the EMG recognition method based on A e =FE o] gdE QA HlE FEA ALE
the LP coefficients and delay between multi- 27t Akl A :11'3‘—, £33 £o38 ¢i¥ste WUl
channels obtained by cross-correlation function is B2 FHI|7IE ¥ 48T £ A 1A 83 _'}
presented. The study consists of three functional AR Fx7 AAHA &AM 7 dE AHgED
parts, which are parts for obtaining the EMG o} 2 ol 22 Wy e AFEE TS 73;17]7]
signals from arm muscle, analyzing LP coefficients of ZTE ol &% Y Wyer FHY Fad A
and delay parameter obtained by cross-correlation & WAEH, g4g oy gAY Age e H
function, and recognizing specific patterns. 4, 2 AAHeR &3 Z& Fd Fejrt sle
In the experiment, the result of the present BEde Aol ATHE A A8 "o F
method is compared with the results of the < ot FAY Ao AANETE ol gte] <
conventional methods. We expect that the results of Z-ZA5E AETo|AEA AR A7 AESHD
this study is very effective in the mobile computer ATHIIZIE]L AAASE AAe] EFo AAZA Y
and wearable computer environment. Ue AZEA AFnA F2 98ty AL EFow
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DOWN 9.00 7.75 9.00 8.00
uP 9.50 8.50 9.75 8.75
LEFT 9.00 7.50 9.25 8.50
RIGHT 8.50 6.50 8.50 7.00
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