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Abstract

Generally, it is known that human beings have both emotion
and rationality. Especially, emotion is so subjective that human
beings might act in different way for the same environment
according to their own emotion. Emotion also plays very
important role in communication with someone else

For an agent, even though it is designed to act delicately, when
it is designed without internal emotion, it can not interact
dynamically just like human beings. In this paper, we suggest
an agent which action is effected by not only rationality but
also emotion to make it interact with human beings dynamically.
It is composed of supervised learning, SOM (Self-Organizing

Map) and fuzzy decision.
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2.3 Back-propagation Algorithm
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2.4 Fuzzy Decision
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