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Abstract

This paper proposes a pursuing system utilizing the learning
method where multiple cooperating agents emulate social
behaviors of animals and insects and realize their group
behaviors. Each agent contains sensors to perceive other agents
in several directions and decides its behavior based on the
information obtained by the sensors. In this paper, a neural
network is used for behavior decision controller. The input of
the neural network is decided by the existence of other agents
and the distance to the other agents. The output determines the
directions in which the agent moves. The connection weight
values of this neural network are encoded as genes, and the
fitness individuals are determined using a genetic algorithm.
Here, the fitness values imply how much group behaviors fit
adequately to the goal and can express group behaviors. The

validity of the system is verified through simulation.
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