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Abstract

Voice is one of the promising biometrics
because it is one of the most convenient ways
human would distinguish someone from others. The
target of speaker verification is to divide the client
from imposters. Support Vector Machine(SVM) is in
the limelight as a binary classifier, so it can work
well in speaker verification. In this paper,
combined SVM with genetic algorithm(GA)

reduce the dimensionality of input feature.
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Experiments were conducted with Korean
connected digit database using different feature
dimensions. The verification accuracy of SVM with
GA is slightly lower than that of SVM, but the
the

proposed algorithm has greater strength in

memory limited systems.
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