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Abstract
Compared with other features of the image, color features are less sensitive to noise and background
complication. Besides, this adding to object segmentation has more accuracy of image retrieval. This paper
presents object segmentation and HAQ(Histogram Analysis and Quantization) algorithm approach to extract
features(the object information and the characteristic colors) of an image. The empirical results shows that
this method presents exactly spatial and color information of an image as image retrieval’s feature.
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