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Abstract

In this Paper, we implement PAMD(Positive
Answering Machine Detection) for discrimina~-tion
human and ARS. We are used Grunt detection, Glitch
Noise detection and Tone detection for PAMD. It
distinguishes voice signals from ring-back tone and
glitch noise respectively. And as a second step, it
judges whether human responses or ARS responses
after integrating pattern changes like initial response
period, the number of voice data, each time of voice
data period and glitch noise. The accuracy is about

93% in ASR and about 98% in Mobile phone.
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2.2 Tone A& 4ud3E.
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2.3 Glitch Noise Detection
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&2 B2 glitch noise  &7]7} o).
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