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Input : A data stream D
Output : The set of frequent itemsets
ML : The lattice in the memory

1: for each new transaction in D

2: read current transaction & increase the number of transactions
3: for all itemset e

4: if (eeML) then

5: update frequency of e ;

6: if (frequency of e < S, then

7 eliminate e and child_nodes from ML ;

8: else // eeML

9: if ( le]=1) then insert e into ML,

10: else

11 estimate frequency of e |

12: if ( estimated_frequncy > Sy ) then

13: insert e into ML ;

14: if (C_nodes > L_nodes ) then S;;=S;, + o ;
15: else Sp=Sp-a:

16: end

17: end

18: end

19! end

20 Find frequent itemsets;

21:end
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