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An Analysis of Dishonor Pattern Using TAM Network
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Abstract
TIn this study, by formulating input layer, category later, and output layer from data, and in using TAM(Topographic
Attentive Mapping) network that created fuzzy rule, it categorized into companies went bankrupt with finances in the black

figures, and in the red figures.
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Fig. 1 Structure of TAM Network
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Table 1 Dat

f Each Dish Enterprise

79.03 -5.09

83.80 240 1.11 1
79.37 1.21 1.24 1
54.76 7.76 3.94 1
44.08 17.90 1.14 1
99.31 8.76 0.83 2

33 TAM YEY =9 4§

Table19] Hle]EHE TAM HEH A HBAIHE o
TAM HEH a9 F2E v&e Fig 29 2ok

Pjk
el 02e
k=R E
Jte el s
Wii
jeRNED2E . = —

Fig. 2 Structure of TAM Network for Table 1
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Fig. 3 Fuzzy Rules

Table 2 The distribution of the node’s weights wjin
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Table 4 Result of TAM Network : Training Data
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pruning feature switch = 1
pruning class switch =1
threshold eta = 0.8
threshold theta = 0.005
threshold xi = 0.8

correct rate = 91%

nothlng

Fig. 4 Pruning Result (1)
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Fig. 5 Pruning Result (2)
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