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1. Training step

A. Divide training data into two groups.
One group is used to train and about
2/3. Other group is for test and about
1/3.

B. With this training group, calculate
distances between values which are
nominal.

C. Finally, each attribute has a matrix for
distance between nominal values.

D. Test & Error feedback step

Get one instance from test group and
test it with k-Nearest Neighbor.

If the prediction is right, then skip to
next instance and do again from
step i. If there is no instance to test,
exit training step.

iii. To get error feedback parameter

value, find nearest neighbor list
which is used to predict target

[

—

ii.

attribute.

iv. Count errorneous instances and
update distance of nominal
attribute  values with penalty

parameter. Go to step i.

E. If error ratto which is determined
through step D decreases, then there is
more possibility to reduce error. So go
to step D. If not, stop feed back and

exit.
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