S8 Pu2 A8 YA IYIMY BY Y NS 2R

LI IR TR I O R S IR I
AEagss uEAFLY AFHI A,
A3}t - 031-290-7235 / A=FE © 011-354-9502

Automatic classify of failure patterns in semiconductor fabrication

for yield improvement

Young Shin Han, Sung Yun Choi, Hwang Mi Young, Chill Gee Lee
Information & communication engineering Sungkyunkwan University
E-mail : yshan@ece.skku.ac kr

L A&
Abstract
) | | WEA $&8 FABY AMYe Wrlahs
Yield enhancement in semiconductor A% 2ad Axan AT 288 27
fabrication is important. Even though o] BEam A EY 28 WELE o
b ] T

DRAM vyield loss may be attributed to A= o] WA BFo =g EHo] Hu
many problems, the existence of defects Tt olo] Wrise] A Lo|So] & sA
on the wafer is one of the main causes. 9 olgAel L& FHE 9 JBE S

AR« B B S =1 = h 54 =)
When the' d'efects on the' w'afe%' form g1 Qow 288 s A7j= B @
patterns, it is usually an indication for olgm Qe BEMau me Aze =3
the identification of equipment problems S Qo e 2 2 ARYe TAE
or process variations. o] Mglg BIe A Hotay BIF 9
In this paper describes the techniques to oe mEA FHE & g A= 7=
automatically classify a failure pattern S g, ey, 2RRML 887 9

using a fail bit map.
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