g Ed=83 2003 £AFHAEdE =83 Voll Nol

SRR o3 BUSH 94

o ¥ E
2UYstm JREANATEY

Complex Features by Independent Component Analysis

Sang~Hoon Oh"
Div. of Information Comm. & Radio Engineering, Mokwon University"

E-mail : shoh@mokwon.ac.kr

8 ¢

I4F 529 A9 Ao dehbe 532 34 2E%YL 383 snple celld B S0 ¥3kE complex
cellZ FEET. o] IFINE YYYAol SUHEENE F831 complex cellol ke 2RE EAE 329k of
Az Nzl AZe) Juseld o A oldste 6 A9Y Aol

Abstract

Neurons in the mammalian visual cortex can be classified into the two main categories of simple cells and complex cells
based on their response properties. Here, we find the complex features corresponding to the response of complex cells by
applying the unsupervised independent component analysis network to input images. This result will be helpful to elucidate
the information processing mechanism of neurons in primary visual cortex.
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