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nugget, range, sill.
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Sequential Gaussian Simulation

SGSE tgd e 5A4E 7IAI gl 29 X9 A vy JFF APoer AgE
4 9 tH(Carlson and Osiensky, 2002).

(1) SGS& E &4 4 (uncertainty)S H71% 4 A ok

(2) SGS= AE 2ol 23R € skewnessE ZA FEdl.

(3) SGSE HAYY Az 9 72 conditional-type A& ] EA}) A jaic),

(4) SGS= AT UAA Y YL TR 8317 At
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Variogram #4¢]A = Exponential, Gaussian, Sperical =9
< 38399, Exponential E¥L& best fit = 8.5487E-02,
nugget = 0.17, range = 640, sill = 1, Gaussian Z 92 best fit

= 4.0476E-02, nugget = 0.32, range = 505.6, sill = 1, Spherical
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