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ABSTRACT

This paper combines the adaption of MRAS with
the ability of NN for better modeling of nonlinear
system. It presents an MRAS using an NN in the
adaption mechanism. The technique is applied to a
IPMSM drive. The torque constant and stator
resistance variations on the speed and position
estimations over a wide speed range has been studied.
The NN estimators are able to track the varying
parameter of different speeds with consistent
performance. The validity of the proposed estimator
is confirmed by the operating characteristics controlled
by neural networks control.
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