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Classification of PD Signals Generated in Solid Dielectrics by Neural Networks
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Abstract - The recognition of PD(Partial
Discharge) phenomenon is useful for
classification of defects. The distribution of
stochastic parameters which consisted of those
PD pulses data and pulses train can show
discriminable characteristics of PD sources. But
it is not sufficient to discriminate among to PD

sources. In this paper, we suggests that
classification method of PD source by
NN(Neural Networks) are good tools for
differentiate of those. The learning scheme of
NN is (Back Propagation learning
algorithm(BP).
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1% 3. Block-diagram for PD signal processing
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19 5. 2D distribution of air discharges
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23 7. 2D distribution of treeing discharges
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- Hidden layer number : 40
+ Learning cycles : 10,000
- Learning rate : 0.1

- Momentum : 0.1

BE PE(Processing Elements)= BP %< ¢neEE
o] A9 FHE IEF 3.

4. Classification results by NN
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29 9. Classification results
(Upper side : training data, Lower side : checking data
‘0’ fitted air discharge, "1’ fitted void discharge,
‘2" fitted tree discharge)
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