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(A Study on Diagnosis of Partial Discharge Type Using
Wavelet Transform—Neural Network)

wrfE., MEP, HYE, ANE ASH

{ Jae-Jun Park, , ,Hyun-Gu Jeon, Byung-Hoon Jeon, Sung-Hong Kim, Dong-Jin Kwon)

Abstract

In this papers, we proposed the new method in order to diagnosis partial discharge type of transformers.
For wavelet transform, Daubechies filter is used, we can obtain wavelet coefficients which is used to extract
feature of statistical parameters { maximum value, average value, dispersion, skewness, kurtosis) about
high frequency current signal per 3-electrode type (needle-plane electrode, IEC electrode and Void electrode.)
. Also, these coefficients are used to identify signal of internal partial discharge in transformer.

As a result, from compare of high frequency current signal amplitude and average value,
we are obfained results of IEC electrode> Void electrode> Needle-Plane electrode.
otherwise, In case of skewness and kurtosis, we are obtained results of Void electrode> IEC electrode >

Needle-Plane electrode .

As Improved method in order to diagnosis partial discharge type of transformers, we use neural network .

Key Wards : Acoustic Emission Signals, Discrete Wavelet Transform, Wavelet coefficient,
Feature Extraction,‘ Multi-Decomposition, Neural-Network
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Fig. 2. Data Acquisition system set up
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Fig. 3. Discrete Wavelet Decomposition and
Composition Procedure
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