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(1) Land 7ol th3 TCPDUMP

00:39:42.139853 arp who-has 203.252.134.71 tell 203.252.134.146
00:39:42.140027 arp reply 203.252.134.71 is-at 0:4f4¢:5:53:89
00:39:42.140043 203.252.134.71 > 203.252.134.71: ip-proto-0 20
00:39:48.890985 203.252.134.71 > 203.252.134.71: ip-proto-0 20
00:39:54.259065 203.252.134.71 > 203.252.134.71: ip-proto-0 20

2) Land 3] tid D3 ¢neEe] A5

Decision tree:

sourceaddress in b,c: others
sourceaddress = a:
...destinationaddress = d: land
destinationaddress in e,f: others
Extracted rules:
Rule 1: sourceaddress = a
destinationaddress = d
-> class land

Rule 2: sourceaddress in b, ¢
-> class others
Rule 3: destinationaddress in e, f

-> class others
(3) Land FZo| di3 cN2 9 g1 ZFe A3

*UNORDERED-RULE-LIST*
IF sourceaddress = a
AND destinationaddres = d
THEN class = land
IF sourceaddress = ¢
THEN class = others
IF sourceaddress = b
THEN class = others
IF destinationaddres = f
THEN class = others

(4) Land ¥2&d| ™3 Apriori o] ¢ ne|F| A%

d<-land (39.2%, 100.0%)
d<-b (19.6%, 100.0%)

d<-c (15.7%, 87.5%)
a<-land (39.2%, 100.0%)
a<-e (25.5%,92.3%)
others<-¢ (25.5%, 100.0%)
others<-b  (19.6%, 100.0%)
others <- ¢ (15.7%, 100.0%)
Jland<-da (39.2%, 100.0%)
a<-dland (39.2%, 100.0%)
d<-aland (39.2%, 100.0%)
others <-db  (19.6%, 100.0%)
d<-othersb (19.6%, 100.0%)
others<-dc¢ (13.7%, 100.0%)
d<-othersc (15.7%, 87.5%)
e <-aothers (25.5%, 92.3%)
others<-ae (23.5%, 100.0%)
a<-otherse (25.5%,92.3%)
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