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Abstract

The human faces do not have distinct features unlike other general objects. In general the
features of eyes, nose and mouth which are first recognized when human being see the face are
defined. These features have different characteristics depending on different human face.

In this paper, We propose a face recognition algorithm using the hidden Markov model(HMM).
In the preprocessing stage, we find edges of a face using the locally adaptive threshold scheme
and extract features based on generic knowledge of a face, then construct a database with
extracted features. In training stage, we generate HMM parameters for each person by using the
forward-backward algorithm. In the recognition stage, we apply probability values calculated by
the HMM to input data. Then the input face is recognized by the euclidean distance of face
feature vector and the cross-correlation between the input image and the database image.
Computer simulation shows that the proposed HMM algorithm gives higher recognition rate
compared with conventional face recognition algorithms.
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