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Abstract

For action selection as well as learning, simple
associations between stimulus and response have
But,
successful task accomplishment, it is required that

been employed in most of literature_s. for

artificial life system can learn and express
behavioral sequences.
In this paper, we propose a novel

action-selection—-mechanism to deal with behavioral
sequences. For this, we define behavioral motivation
as a primitive node for action selection, and then
a tree with behavioral
motivations. The vertical path of the tree represents

hierarchically construct

behavioral sequences. Here, such a tree for our
proposed ASM can be newly generated and/or
updated, whenever a new behavioral sequence is
learned.
To show the validity of our proposed ASM, three
2-D grid world simulations will be illustrated.
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i: index of Internal State

J: index of selected Fixed Action Pattern
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Action / Variables Thirst Hunger Fatigue Sleep
Move +1 +1 +4 +3
Drink A/ +1 +1 +1 +3
Eat +1 -A [+ +1 +3

Sleep +1 +1 -15 ~20
Nothing +1 +1 +1 +3
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