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Abstract

Bimodal speech recognition based on lip reading has
been studied as a representative method of speech
recognition under noisy environments. There are
three integration methods of speech and lip
modalities as like direct identification, separate
identification and dominant recording. In this paper
we evaluate the robustness of lip reading methods
under the assumption that lip parameters are
estimated with errors. We show that the dominant
recording approach is more robust than other
methods with lip reading experiments. Also, a
measure of lip parameter degradation is proposed.
This measure can be used in the determination of
weighting values of video information.
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