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Abstract

In this paper, we propose a phoneme duration
modeling in a speech recognition system based on
disicion tree state tying.

We assume that phone duration has a Gamma
distribution. In a training mode, we model mean and
variance of each state duration in context-
independent phone model based on decision tree
state tying. In a recognition mode, we get mean and
variance of each context-dependent phone duration
form state duration information obtaind during
training mode.

We make a comparative study of the proposed meth
with conventinal methods. Our method results in
good performance compared with conventional
methods.
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