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e-dd 4oz Agdte RAEe ¥ 14 Y
Z2AY 274 Zol(contour length), ¥7](bright), &
A (area), 34 P(center), EF A Z(extrusive), €3
% (roundness), MBR(minimum bounding rectangle)
oln], 2% A& A& F& YAL AR (MY T
o 29 3 ¥ Fzo wE 274 94 AAg T
g 739 oot}

2 Distance(center, contour( x ;) 3)

Average= 7

2
Extrusive= lZ}(Avemge— Distance(center, contour( x ;))) (4)

Innercircle= MIN(xx Distance(center, contour( x )) %) (5)
Outtercircle= MAX(nx Distance(center, contur{ x)) %) (6)

__ _Innercircle
Roundness= 4, o~ % D
— 1 LRI @
E :
qun: |4 X
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0 IF Bright <= 116.571426 THEN NODE

1 IF Bright <= 114.85714 THEN CLASS white {1731.0/3.0)
1 ELSEIF Bright > 114.85714 THEN NODE

2 IF Len <= 16 THEN NODE

3 IF¥ Bright <= 115.428574 THIN NODE

4 IF Dev <= 6.073622 THEN CLASS white (9.0)
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0 IF c_extrus <= 4132.102541 THEN CLi3S normal
0 ELSEIF c_extrus > 4132.102941 THEN NODE

1 IF b_dev <= 83.052632 THEN CLASS tumor

1 ELSEIF b_dev > 83,052632 THEN NODE

2 IF uo num <= 8 THEN CLASS infarct

2 ELSEIF uo_num > 8 THEN CLASS tumor
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O 5 A A
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fo du o
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LRk Sox e . a4t S
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Py ExitofUO % AR EA G (I S0y 00X ) W ws=onx ?
] S A AFo] Q@ oo AN | |IELEEEE
WA 6 & AreaRatio.UO o)A A 9] WHAu]E (PEEET] CYIEEEY )
AreaRatio W.G | #d3 g @7 g “en [CEEma | [§ssxa_J|L e |
% 3 i,
BrightRatio UO_W | ' % :‘W} A TERr ] i —— [— —
] vl #7] ‘% (Decislon 2 Lﬁtﬁé_ﬂi—'
. . ol A} 3o Tres) sy ee il FEn—]
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w7l ve RULE X231
-] iy A
e | UoDiction | o Asl s @%‘f’
. HE st ol HA e
3 4 | SpatiaiRel CSF_UO 27 B [ 9_‘2]0;
. ol AN TG
4 As Distance_UO_C 9 247 2] 73 < M8 R >
Total_Area_UO . s
N2z 99 | Total_Area CSF | GA4S2 o]Fold Alg= 08 7. Xl Adjo|Aa AlaH MH px
% 23 Total_Area_White | oA Z A AH 3¢
Total_Area_Gray AlS] al nJ
el NAzd g FA5A9 5. 49 & 24
$a x| VOUALOSE | oq g we £ AolAE HAM, HFF, ggdoz oFoly
e Verticalyo | EZEA W® ol¥ AM | i} 73 B 14008 o83 AYstm AR A
- T3 A v &

NE R
E3 UM BF ®

g a9

ov7| 3w
qasa|gaa] 9 [oaan

Rl 97 15 0 5 20 | 82.90%
o 3wd 13 2980 23 16 52 098.28%
o] ub g 0 28 1755 0 08.43%
Hlaara] o | 7 | o | s | 7 |sosw%
Total 4998 107 | 97.86%
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4 G4 A2l= ER 0t E

eF A% QEF | AY=

A B C
A = Normal 9 0 1 1 90.00 %
9B - Infarct o (3tfl2] 2 |o0a%
: C = Tumor 0 2 27 2 93.10 %
Total 72 5 93.05 %
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