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Prediction of Concrete Strength Using Multiple Neural Networks
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ABSTRACT
In the previous study”, authors presented the I-PreConS (Intelligent PREdiction system of

CONcrete Strength) using artificial neural networks (ANN) that provides in-place strength
information of the concrete to facilitate concrete form removal and scheduling for construction.
The serious problem of the system has occured, which it cannot appropriately predict the
concrete strength when the curing temperature of a curing day is changed. This is because it
uses the single neural networks, which all nodes are fully connected, and thus it cannot
smoothly respond for external impact. However this paper presents that the problem can be
solved by multiple neural networks, which is composed of five ANNs.
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BI : Basic Information
MP : Material Property
ME : Mesurements

Blultiple Neural Networks Architecture

s ™,  T/H:Temperature and Humidity
s \\ f : predicted concrete strength
oo S S \ Af :theincrement of concrete strength
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3 229 A 26.0 A 269 A

6 26.5 A 23.1 A 26.7 A
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