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SYNOPSIS : The stability analysis of rock slope can be predicted using a suitable field data but it
cannot be predicted unless suitable field data was taken. In this study, artificial neural networks
theory is applied to predict plane failure that has a few data. It is well known that human brain
has the advantage of handling disperse and parallel distributed data efficiently. On the basis of this
fact, artificial neural networks theory was developed and has been applied to various fields of
science successfully. In this study, error back-propagation algorithm that is one of the teaching
techniques of artificial neural networks is applied to predict plane failure. In order to verify the
applicability of this model, a total of 30 field data results are used. These data are used for training
the artificial neural network model and compared between the predicted and the measured. The
simulation results show the potentiality of utilizing the neural networks for effective safety factor
prediction of plane failure. In conclusion, the well-trained artificial neural network model could be
applied to predict the plane failure stability of rock slope.
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