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Recognition of Off-line Handwritten Numerals using KL Transformation
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ABSTRACT

This paper presents off-line handwritten numeral recognition method by using Eigen-Vectors. In this method,
numeral features are extracted statistically by using Eigen-Vectors through KL transform and input numeral is recognized
in the feature space by the nearest-neighbor classifier. In our feature extraction method, basis vectors which express best
the property of each numeral type within the extensive database of sample numeral images are calculated, and the numeral
features are obtained by using this basis vectors. Through the experiments with the unconstrained handwritten numeral
database of Concordia University, we have achieved a recognition rate of 96.2%.
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