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ABSTRACT

We design LVQ network using SOM network for the LVQ's performance improvement. Reference vectors and the

number of output neurons, they are the proposed LVQ network’s initial parameters, are determined in SOM which is used

for preprocessing LVQ. We simulate it to the grouping test of Fisher’s Iris data. In this result, we confirm proposed LVQ

network is better than existing LVQ in grouping test.
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<Fisher's Iris Data Set>
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