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Application of Neural Network to Prediction and estimation

of Rolling Condition for Hydraulic members

Y. S. Cho, D. H. Kim, H. S. Park, T. O. Jun

ABSTRACT

It can be effect on diagnosis of hydraulic machining system to analyze working conditions with
shape characteristics of wear debris in a lubricated machine. But, in order to predict and estimate
working conditions, it is need to analyze the shape characteristics of wear debris and to identify.
Therefor, if shape characteristics of wear debris is identified by computer image analysis and the neural
network, it is possible to find the cause and effect of moving condition. In this study, wear debris in
the lubricant oil are extracted by membrane filter, and the quantitative value of shape characteristics of
wear debris are calculated by the digital image processing. This morphological informations are studied
and identified by the artificial neural network. The purpose of this study is to apply morphological
characteristics of wear debris to prediction and estimation of working condition in hydraulic driving

systems.

Key Words : Wear Debris (W}'B4), Morphological Information (ZFB&A 8 ), Image Analysis (H4s14]),
Neural Network (41733 27}), Moving Condition (& 27)
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