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4.2 K-Nearest Neighbor 719 & &
build the training normal data set D;
for each script X in the test data do
for each script D; in training data do
calculate cos(X, D;);
if cos(X, D;) equals 1.0 then
X 1s normal ; exit;
find k biggest scores of cos(X, D);
calculate sim_avg for k-nearest neighbors;
if sim_avg is greater than threshold then
X is normal;
else
X is abnormal;
2192 Pseudo code for detection of abnormal Scripts

HAE 23-EY AN 23YEDY HAEE
BE 25 T $AE gho]l & £AMdE KA A=
¢l HI#gE JIEHReE AE@ I qF gl
threshold & Bt} AW normal® #2W abnormal®
gAsA do(3].

512



200241 & §5A

293 b Hedse

£3 Vol. 29. No. 2

AN Fol 2P& sen, st 23YPENA
rold o 23YES oﬂfﬂ T ghol 7 A
< Ag 7E28 3. 2 o9 *:ﬁ‘dzz
SME}E B} G Aol g}kl :zwrol gm nAdo® BF 8

k.
5. 4% A% % ¥F A7

5.1 djoj¥
PR Axe &
z = zayEs
N N
N
profiling | 34 VBS 352 743
test Bl A4 VBS 40 52
et 3% vBS 40 82
X1 dataset ‘
dataset®] FHE A7 profiling® testd v,
profiling®] AM2® A3 testo] AlfH AL Mz e
REovh A4 vALE UFre 7ELE 7|E9 wal
ZZIPE ARG L2)
52 2943
59
'é 3
3
;: ]
k=5
k=10
“ k=25

False poomroe rate

[21Y3] Performance of kNN classifier method
expressed in ROC curves
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