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while (true) {
/* signal input from sensors and goals */
for (i=0 ;i<behavior_number; i++) {
for (7=0; j<sensor_number; j++) {
if (sensor(j] is precondition of behavior[i] &&
sensor[jl==true) alphalil+=sensor[jl*weight_a;}
for(j=0;j<goal_number;j++){
if(goallj] has link to behaviorli] && goallj1!=0)
alphafil+=goal[j]*weight_b;}}
/* signal propagation among behaviors */
for(i=0;i<behavior_number;i++){
for(j=0;j<behavior_number;j++){
if(behavior{i] is predecessor of behavior[jl) e
alphalj}+=alphalil*weight _c; 18 4 Adte 2d
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