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Evaluation Of Improved Usage Profiles Using Frequency Support Threshold In Clusters
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Input : The number of clusters k and a database containing n objects
output © A set of k clusters that minimizes the squared—error criterion

Method
1> choose k objects as the initial cluster centers
2> repaat
3> (re)assign each object to the cluster to which the object is the most similar,
based on the mean value of the objects in the cluster;
4> update the cluster means, i.e., calculate the mean value of the objects for each
cluster:
5> until no change:

K-Means Clustering 1
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3. A& X291y (Usage Profile)
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