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Category | RO | WH Ios Rl aisw] GisF
nat-gas _[0.567 0.633 0.723 0.694 0.667
soybean 0576 0.758 0.78 0.74  0.779
veg—oil _ [0.568 0.703 0.739 0.716 0.701
gold 0.833 0.8  0.862 0.866 0.853
arp 0.743 0.914 0.932 0.915 0.93
coffee_[0.929 0.964 0.988 0.991 0.985
oilseed _|0.553 0.723 0.663 0.665 0.613
sugar __ 0.694 0.889 0.91 0.914 0.917
dir 0.682 0.705 0.805 0.777 0.787
money-

supply  [0.412 0.676 0.726 0.725 0.727
com 0.661 0.821 0.898 0.857 0.901
ship 0.865 0.876 0.88 0.866 0.876
wheat __[0.732 0.845 0.893 0.874 0.929
interest___[0.695 0.718 0.803 0.79  0.802
rade _ [0.735 0.769 0.788 0.77  0.81
crude  [0.804 0.857 0.88 0.838  0.892
grain 0.779 0.926 0.937 0.906 0.946
money—fx_|0.581 0.749 0.694 0.686 0.688
acq 0.885 0.911 0.877 0.822 0.875
eamn 0.953 0.954 0.967 0.966  0.964
Average  [0.712 0.810 0.837 0.819 _ 0.832
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Bk7] W&ol azy oladt dhid AGE AFIAAAE
HR] FEL o] 4 WP A4S FEI] AT UL A
oz gpusHo yHd Yk e FE AP At
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Category | RO-P | WHP 1o s F TaIs-wP[ Gio-FP
nat-gas |0.492 0.494 0.518 0.599 0.643
soybean [0.639 0.589 0.642 0.654 0.738
veg—oil  [0.626 0.63 0.657 0.651 0.756
gold 0.854 0.843 0.861 0.863 0.846
jgnp 0.815 0.82 0.83t 0.835 0.871
coffee 0.936 0.979 0.947 0.936 0.989
oilseed [0.482 0.425 0.497 0.508 0.601
sugar 0.738 0.776 0.793 0.807 0.882
dir 0.635 0.686 0.719 0.726 0.751
money-

supply 0.334 0.587 0.624 0.607 0.726
cormn 0.644 0.624 0.658 0.654 0.797
ship 0.821 0.745 0.831 0.82t 0.854
wheat 0.764 0.798 0.808 0.803 0.861
interest  [0.636 0.72 0.731 0.738 0.793
trade 0.717 0.661 0.733 0.74 0.749
crude 0.778 0.801 0.809 0.808 0.846
grain 0.802 0.871 0.859 0.866 0.867
money-fx {0.5682 0.537 0.616 0.615 0.663
acq 0.576 0.727 0.707 0.708 0.792
earn 0.961 0.947 0.963 0.962 0.962
Average [0.692 0.713 0.740 0.745 0.799
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