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Similarity Pattern Analysis of Web Log Data using Multidimensional FCM
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(1) WLDF(Web Log Data for FCM)

WLDFE 9=t #Ae &3t Zo Timed 3%+
% Y9 E 44332 Floatd oz Wgsjo}r g} IPe) 7
$E AHEAE FEE7 AT ANEFBEAN, 9A Floatd o
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delete a second. 04.34 . 24

convert into float. 06.67 104.155 15

3 the distinction 0934 | 195120 7
between user. @ 10.34 178.34 8

convert into float. 11,23 189.84 5

Web page | assign the option 11.45 157.56 29
number. 1158 | 194.138 16

convert into
Integer 12.45 177.54 12
13.23 104.56 8

19 2-2 WLDF(Web Log Data for FCM)
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AT Y421 dHoleY £ £ 1178011, QA FCM
dndEe 271%E VI = (500, 300, 600), V2 =
Tl The total iteration number (90.0 , 60.0 , 80.0), V3 = (500 , 600 , 80.0)2.& HAgs

(V1,V2,V3)
(DV1,DV2,DV3)

\ The final clustering center

Y The initial center — the final
center (SV - V)

MD The moving distance from the |(MD1,MD2,MD3)

initial center to the final center

mean_e | The iteration should keep up the variable
urtil it was at a minimum in FCM

max_e | The iteration should keep up the variable
until it was at a minimum in FCM

I3 3-1 Experiment values
dodRe day7tAe a9¥ Y2aE ol&3dy

$4 BE dolEge TElof $inh g2dRE 989
7AA 9 ztZke] Y2 dHolEd h3 WLDFE =%,
FCM ¢xz&g 48% d3: g 29 3-29 2.
4zt 29 AE dHolg g MSP, TSP, WSP,
ThSP, FSP, StSP, SSPatx A 9jdti, MSPY (MDI,
MD2, MD3) &2 (5341,77)°jt}. TSP (35,49,13)0] 3L,
WSPE (50,45,11), ThSP(44,40,8),FSPE (27,34,40), StSP
£ (60,785), SSP= (91,5873)0ltt. 1ol =1 do)

EHE& WLDF dAAg #3& AA FCM Z82H¥ 4u
‘-_qzo
o 23y 4F
e JHBAE
At

A9g (MDI, MD2, MDI)#g 7@t 18x
#HY deolHe (MD1, MD2, MD3)3k
g3 999 921 dolHe ade
gold 4

-13-3.31)-10.-38.11)-50.-%,
B3N A
16-8%
2518
4313

65050 10098.8/1006.39 00622 0070
34420 104948545457 | 0002 0.0010] 101430
54,1301 1069364 425680 00002 0008 4 419
1536634 122461127854 ] 00002 [ 00008 3.8
4142136403 [ 274654 00003 00n [ 17621 B
51.34.40] 02004 [ 35,9078 00042 o 00a0 [ -5 407 285070 [ 810
10078519 101,205 101,35 0085610477 150.88 4] 4138 14341

19 3-2 Sample pattern data

41506024 | 1019868 99,96.31 | 0,083 | 0.2074 ] 0.-30.35 |-11.-38, 11| -49-36.48 NP
8[345435 11149036 499,34 1001311 0.0613 1 15.-24.25 | -24.3040 | -44-39.6 8
914862.29( 1069150 47.70,80 | 0.0007 { 0.0010} 1.-32.30 |-16.-81.29| 2-10.0 WP
17] 4251321 99768 | 109.34,31| 0.0007 | 400081 7.-27.27 | 9-31.11 |59 -34.8 WP
13) 54,65.30 1 106,91,49| 45,6978 | 0.0001 | 0.0008 | 4359 ]-16.-81.32| 491 Wi
16} 405,35 90,9768 | 11095,18] 0.0001 | 0.007 | 96,6 | -9-37,12 |-80-3561 WP
1141583 | 120.46.60) 4460.81 | 00002 | 00008 2-3824 | -30.1315] 561 b ThsP
18] 40,50,44( 99.06.68 1110.93,19] 0.0001 | 00008 | 9-26.26 | -9-36.13 |-60-3360 5% MSP
171345435 | 102.98,25(92.101.41| 0.0002 ¢ 0.0008 | 15,-24.28 {-12.-30.50] -42.-41.%8 5P
813750361 1046543 610865 | 0.008 { 00167 12.-20.23 |-14-35.33| 11414 | TP
814958291 107,87.471 46,7080 | 0,001 0,006 1 0.-28.30 {-17.-27.32! 1-10.0 A WP

2.¥ 3-3 Similarity pattern data result

k. A8e A}E oyl 29 3-37% 2Tk Data A9
(MD1, MD2, MD3) &2 (4741,78)2.2 MSP 1§ &
3ty dad Y27 dojE IASE & F U o 4
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ThSPoll £3t= 9= ®oJEE Data G (45369)0c},
SSPe &3t 921 do]E = Data I (38,68,73), Data
B (38,50,75)°] t}.
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