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incremental Supervised Learning based on SVM
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A&E | AEE| F1 |3%E (AHE| Fl
4. 4% Grain 33.60| 61.94|43.56| 64.35| 55.22|59.44
Reuter-21578 ZH A& dolHZ 3o 49d& U™  |Eam 36.21| 99.41|53.08] 93.91] 88.09|90.91
ModApte E¥& AFggow, & 1357 ZFHlZET Wl |Acq 49.96| 89.32(64.08| 51.08| 91.49|65.56
|3 vehvhz 77he BEYe dYddoz ST 7 |Money-x | 19.63] 89.54(32.20 22.33] 88.89|35.69
stelneld 4z 20709 positiveWEF 20709 [com 11.27| 48.00|18.25| 51.92| 54|52.94
negative #&& FE3HY labeledA 2 AHEaHT Crude | 28.87| 50.60|36.76| 69.32| 36.75|48.03
EF ASEAS H8 AFE/AEE, F1 measured  |ypeat 13.94| 62.50(22.80| 61.54| 62.50|62.02
AHgstAT E 1S dddas. A7 27.64| 71.62|38.67| 59.21| 68.13|59.22
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