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SMP Forecasting Using Artificial Neural Networks

Jeong-Kyu Lee.
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Konkuk University

Abstract - This paper presents the System
Marginal Price(SMP) forecasting implementati-
on using backpropagation Neural Networks in
Competitive Electricity Market. SMP is very
important term to seek the maximum profit to
bidding participants. Demand and SMP that
necessary data for training Neural Networks,
supplied from Korea Power Exchange(KPX).
Statistic  analysis  about  predicted SMP
presents a part of consideration in end of this
paper.
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