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Abstract - In this paper, we design neurofuzzy
networks architecture by means of linear fuzzy
inference. The proposed neurofuzzy networks
are equivalent to linear fuzzy rules, and the
structure of these networks is composed of two
main substructures, namely premise part and
consequence part., The premise part of
neurcfuzzy networks use fuzzy space
partitioning in terms of all variables for
considering correlation between input variables.
The consequence part is networks constituted
as first-order linear form. The consequence part
of neurofuzzy networks in general structure(for
instance ANFIS networks) consists of nodes
with a function that is a linear combination of
input variables. But that of the proposed
neurofuzzy networks consists of not nodes but
networks that are constructed by connection
weight and itself correspond to a linear
combination of input variables functionally. The
connection weights in consequence part are
learned by back-propagation algorithm. For the
evaluation of proposed neurofuzzy networks,
The experimental results include a well-known
NASA  dataset concerning software  cost
estimation.
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