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Function Phase 1 ( transaction sequence(t,,...... to),
support sequence G = (G,...., Cn)
) : support lattice;
support lattice V;
begin
V={0}
MaxMissed(v):= 0; firstTrans(v):=0; count(v):=0;
for i from 1 tondo
/1) Increment
for all veV with vct; do count(v)++; od;
//2) Insert
for all vgt; with ve V do
if Vwev: weV and maxSupport(w) 2 o; then
V:=V U {v}; FirstTrans(v) := i; count(v) := ;
maxMissed(v) ==
min {I_(i- Davgi, (|- o )}+|v|—l ,maxMissed(w)+count(w)—

tiwavy;
if [v[==1 then maxMissed(v):=0; fi;
od;
#/3)Prune

if (i%max {[ i/0,1,500}) — 0 then
V:={ veV | maxSupport(v)z ¢ or |v|==1};
fi;

od;

return V;
end;

[figure 3-1] Carma ] Phase |

Function Phase II ( support lattice V,

transaction sequence(tt,...... to),
support sequence G }
: support lattice;
integer ft, i=0;
begin

V:=V\{ ve V | maxSupport(v) < o.};
While 3veV:i < firstTrans(v) do
1++;
forallveVdo
ft := firstTrans(v);
if v c tjand fi<i then
count(v)++; maxMissed(v)--;
fi;
if ft==i then
maxMissed(v) := 0;
for all weV:
vew and maxSupport(w) > maxSupport(v) do
maxMissed(w) := count(v) ~ count(w);
od;
fi;
if maxSupport(v) < &, , then Vi=V\{v}; fi;
od;
return V;
end;
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Function Carma ( transaction sequence T,
support sequence )
: support lattice;
support lattice V;
begin
V = Phase 1 (T, o);
V :=Phase I (V, T, 6);

return V;
end;
[figure 3-3] Carma
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