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Case Retrieval of Case-Based Reasoning(CBR) System

Using Petri Net

Y. M. Oh, D. S. Lim, W. W. Hwang, S. K. Jung and B. S. Yang

ABSTRACT
If rotating machinery have a fault, we can detect it using vibration or noise signals. However some
maintenance engincers who doesn't have expert knowledge, necds the help of ‘vibration experts for
diagnosing rotating machinery. But qualified experts are rare, thereforc we have been developed the case
based reasoning (CBR) system which is able to manipulate the past experiences of vibration diagnosis
expents. In the CBR system, the maintenance engineers can retrieve the information from previous cases

which are most similar to new problem and they can solve new problem using solutions from the previous

cases. In this paper, we propose a new method which is the case retrieval of CBR system using Petri net
and we also applied it to diagnosis for electric motors as a practical problem.
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Table 1 Expression of weighting arc and token
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Fig. 4 The Petri net modeling

Table 2 The meaning of the each place
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Table. 3 Weighting change at Cause

Weight ; MCMF PN
M-22 M1 M-71 M-72 M73 1 M22 M-41 M-71 M-72 M-73
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Fig. 11 The revise of case
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