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An Empirical Comparison of Initialization Methods for Holt-Winters Model with
Railway Passenger Demand Data
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ABSTRACT

Railway passenger demand forecasts may be used directly, or as inputs to other optimization
model which is use the demand forecasts to produce estimates of other activities. The
optimization models require demand forecasts at the most detailed level. In this environment
exponential smoothing forecasting methods such as Holt-Winters are appropriate because it is
simple and inexpensive in terms of computation. There are several initialization methods for
Holt-Winters Model. The pwrpose of this paper is to compare the initialization methods for
Holt-Winters model.
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