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ABSTRACT

Vector Transformation is a new method unified vector quantization and coding. So far,
codebook generation applied to coding was LBG algorithm. But using the advantage of SOFM
(Self-Organizing Feature Map) based on neural network can improve a system’s performance. In
this paper, we generated VTC(Vector Transformation Coding) codebook applied with SOFM
algorithm and compare the result for several coding rates with LBG algorithm. The problem of
Vector quantization is complicated calculation and codebook generation. So, to solve this problem,
we used neural network approach method.
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1 0.078 103 26.00 18.24
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(a) SOFM
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