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Fig. 1 MSE learning curves of the VBVS, FBOS algorithm

and Kwong's algorithm
o System Mismatch
-10
-20
= <30 \
faol \ —— FBOS
L AN — VBVS
U e Kwongs,
70 T
{00 500 1000 1500 2000 2500 3000

sample numbers, n

Fig. 2 System mismatch comparison of VBVS, FBOS
algorithm, and Kwong's algorithm
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Fig. 3 The block length
change of the VBVS

Fig. 4 The comparison of step
size of the VBVS and Kwong'’s
algorithm
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Fig. 5 MSE curves of
different initial block length

Fig. 6 System mismatch comparison
of different initial block length
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Fig. 7 (a) Comparisons of performances for three different fixed
step size  (b) Comparison of performances for variable step size
algorithm when initial step size is different

V. 28

LMS o 7)dre F S " S 9% 7 S 3
He Agkaidct. AR uldste] W BEE4o
7t A% 2 34 A28 5% 78S 9
7ha A"lAlo| =2 duE e dH AdF FHEAS
A a gol AAY F ASE BJAY. MSE & A&
® mismatch HollA] AL By ¢44& 7PE 2F]
Alolz gma g3 A 2glAlo|z2 $FO)% vluy
oz4 F9sarh

aglm 27 MSE 7t 28atoj 2o tis) 2 2 HEj9
gFete AMERE H3F 27) 2940128 FEFHIA
. FED JF 27] 25Al|2RE P 2FAbol2
gnego] HE, AFE ANEHNHE B 2 45E
Y58kt

- O

#n8d

[1] B. Widrow, J. M. McCool, M. G Larimore and C. R.
Johnson, Jr., “Stationary and  nonstationary learning
characteristics of the LMS adaptive filter,” Proc. [EEE,
vol. 64, pp. 1151-1162, Aug. 1976.

[2) L. L. Horowitz, K. D. Senne, “Performance advantage of
complex LMS for controlling narrow-band adaptive
arrays,” IEEE Trans. Acoust., Speech, Signal Processing,
vol. ASSP-29, pp. 722-736, June 1981

[31 A. Feuer and E. Weinstein, “Convergence analysis of
LMS filters with uncorrelated data,” IEEE Trans. Acoust.,
Speech, Signal Processing, vol. ASSP-33, pp. 222-230,
Feb. 1985.

[4] B. Fisher and N. }. Bershad, “The complex LMS adaptive
algorithm Transient weight mean and covariance with
applications to the ALE,” IEEE Trans. Acoust., Speech,
Signal Processing, vol. ASSP-31, pp. 34-44, Feb. 1983,

[5] R. W. Harris, D. M. Chabries and F. A. Bishop, “A
variable step(VS) adaptive filter algorithm,” IEEE Trans.
vol. ASSP-34, pp.309-316, Apr. 1986.

[6]1 R. H. Kwong and E. W. Johnston, “A variable step size
LMS algorithm,” IEEE Trans. Signal Process., vol. 40, pp.
1633-1642, July 1992.

[7]1 V. 1. Mathew and Z. Xie, “A stochastic gradient adaptive
filter with gradient adaptive step size,” IEEE Trans.
Signal Process., vol. 41, pp. 2075-2087, June 1993.

[8] N.J. Bershad, “ On the optimum gain parameter in LMS
adaptation,” IEEE Trans. vol. ASSP-35, pp. 1065-1068,
July 1987.

[91 G Keratiotis and L. Lind, “Optimum variable step-size
sequence for LMS adaptive filters,” Proc. IEE, vol. 146,
pp. 1-6, Feb. 1999.

- 970 -



