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Key frame extraction using Fourier transform
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Abstract
In this paper, a key frame extraction algorithm for
browsing and searching the summary of a video is
proposed. this end,
representing a shot are selected according to the
by using the Fourier

Toward important  frames
correlations among frames,
descriptor which is useful for the shot boundary
detection. To quantitatively evaluate the importance
a new measure based on
If

there are several frames with a same importance,

of selected frames,
correlation coefficients of frames is proposed.

another criteria Is introduced to break the tie, by
computing the
including each candidate key frame so that the
distortion rate is minimized.

partial moment of subframes

Since a key frame extraction algorithm can be
evaluated subjectively. the performance of the
proposed algorithm has verified by a
statistical test. Experiments show that more than
20% improvement has been obtained by the

proposed algorithm compared to existing methods.
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