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Computer Vision System using the mechanisms of human visual attention
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Abstract

As systems for real time computer vision are
confronted with prodigious amounts of visual
information, it has become a priority to locate and
analyze just that information essential to the task at
hand, while ignoring the vast flow of irrelevant
detail. A method of achieving this is to using
human visual attention mechanism. In this paper,
short review of human visual attention mechanisms
and some computational models of visual attention
were shown. This paper can be used as the basic
data for researches on development of visual
attention system that can perform various complex
tasks more efficiently.
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