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Abstract

In this paper, we present a fast face detection
algorithm by estimating the eye region using neural
network. To implement a real time face detection
system, it is necessary to reduce search space. We
limit the search space just to a few pairs of eye
candidates. For the selection of them, we first
isolate possible eye regions in the fast and robust
way by modified histogram equalization. The eye
candidates are paired to form an eye pair and each
of the eye pair is estimated how close it is to a
true eye pair in two aspects : One is how similar
the two eye candidates are in shape and the other
is how close each of them is to a true eye image.
A multi-layer perceptron neural network is used to
find the eye candidate region’s closeness to the true
eye image. Just a few best candidates are then
verified by eigenfaces. The experimental results
show that this approach is fast and reliable. We
achieved 94% detection rate with average 0.1 sec
processing time in Pentium Il PC in the experiment

on 424 gray scale images from MIT, Yale, and

Yonsei databases.
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