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ABSTRACT: In this paper, consider the three cases of decide for appling point a general Simple Genetic Algorithm about heuristic
method(Bottom and Left Sliding) at the piece auto-nesting on the row plate. The 1Ist case, about only using the Simple Genetic
Algorithm. The 2nd case, applied the heuristic method to the genetic operating of the Simple Genetic Algorithm. The 3rd case,
applied the heuristic method to the final result of the Simple Genetic Algorithm. The estimation of final result were proceed to

developed simulation program in this research.
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Table. 1 Properties of the piece and row plate.
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Fig. 1 Kind of simple rotation of piece.
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Fig. 2 Genotype of Properties of the piece.
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Fig. 6 Results of CASE-2 on the same shape

< CASE-39] 7% >
[3Z] Gen = 0029, Pop = 056, Max = 212929
[©-Z=] Gen = 0044, Pop = 103, Max = 201356

T
al

LLe] L3 2 W L

{ ]

Fig. 7 Results of CASE-3 on the same shape
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Fig. 8 Results of CASE-1 on the different shape
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Fig. 9 Results of CASE-2 on the different shape

Fig. 10 Results of CASE-3 on the different shape
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